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Abstract 
Holistic resume analysis is a comprehensive evaluation process that examines a candidate's entire resume, rather 

than focusing solely on individual components such as education, experience, or skills. This approach integrates 

various elements to paint a complete picture of the candidate's professional identity and potential. By considering 

factors such as formatting, language, and personal branding alongside traditional qualifications, holistic 

analysis provides valuable insights into how effectively a resume communicates the candidate's value proposition 

to potential employers. It emphasizes the importance of context, narrative coherence, and alignment with job 

descriptions, ensuring that the resume not only showcases qualifications but also resonates with the target 

audience. The analysis includes assessing the overall organization of the document, the relevance of included 

experiences, and the aptness of language utilized, all of which contribute to the impression a candidate makes on 

recruiters. Additionally, holistic resume analysis identifies gaps or inconsistencies that may detract from a 

candidate’s profile, offering opportunities for improvement. Ultimately, holistic resume analysis serves as a 

critical tool for job seekers aiming to refine their applications for maximum impact, while also assisting hiring 

managers in understanding the broader context of a candidate's qualifications. By synthesizing quantitative and 

qualitative aspects of resumes, this analysis fosters more informed decision-making in the hiring process, 

enhancing the likelihood of finding the right match for both candidates and employers. In a competitive job 

market, such a thorough examination proves vital for standing out and successfully navigating the complexities 

of career advancement. 
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I. Introduction 
When embarking on a holistic resume analysis, it is essential to understand the foundational elements 

that contribute to an effective resume. First and foremost, the Importance of a Tailored Approach cannot be 

overstated. Each job application is unique, and a one-size-fits-all resume could lead to missed opportunities. By 

customizing the resume to align with the specific job description and company culture, candidates can highlight 

their relevant experiences and skills, making a compelling case for their candidacy. This tailored approach 

demonstrates not only a genuine interest in the position but also an understanding of how one’s qualifications 

directly relate to the employer's needs. Secondly, the Role of Formatting and Presentation plays a crucial part in 

making a strong first impression. A well-organized resume that employs clear headings, bullet points, and 

consistent formatting allows hiring managers to quickly scan and identify key qualifications. Furthermore, the 

use of white space can enhance readability, while a visually appealing design can underscore professionalism. 

Alongside aesthetics, Content Quality is pivotal in delivering a persuasive message. It’s important to 
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 Focus on achievements rather than simply listing job responsibilities; quantifying accomplishments and 

using powerful action verbs can significantly impact how experiences. Including relevant keywords also enhances 

the likelihood of passing through Applicant Tracking Systems (ATS), which many organizations use to filter 

resumes before they reach human eyes. Thirdly, understanding the Perspective of the Employer can drastically 

improve how candidates present their skills and experiences. By considering what hiring managers value most, 

candidates can strategically emphasize aspects of their work history that align with the employer's goals and 

objectives. This perspective shift not only broadens the candidate’s understanding of the job market but also 

allows for a more targeted application strategy. 

Understanding holistic resume analysis involves a comprehensive approach to evaluating resumes that 

go beyond merely assessing the surface qualities of a document. At its core, holistic resume analysis takes into 

account not only the explicitly stated qualifications and experiences of a candidate but also the nuanced 

presentation, structure, and subtleties of the document that reveal deeper insights into the individual behind the 

resume. This approach acknowledges that a resume is not just a list of qualifications, but a reflection of the 

candidate’s brand, professional journey, and alignment with the values and aspirations of the potential employer. 

Factors such as the clarity of language, coherence in the career narrative, and even the visual presentation play 

crucial roles in this assessment. Recruiters engaging in holistic resume analysis are trained to look for patterns of 

growth, consistency in job roles, and the ability to adapt and overcome challenges. They consider contextual 

elements such as industry norms and the targeted position to gauge how well a candidate's experiences align with 

the expectations of the job. For instance, a candidate with a non- linear career path might raise red flags in a 

traditional resume analysis; however, a holistic approach might view this trajectory as a rich tapestry of diverse 

experiences that have equipped the candidate with unique skills applicable to the new role. Furthermore, soft 

skills, which are often inadequately captured by bullet points on a resume, must be inferred from the candidate's 

achievements, referenced projects, and the language used throughout the document. Holistic analysis scrutinizes 

how the tone and language reflect the candidate's personality, work ethic, and communication style, all of which 

are integral to cultural fit within an organization. Additionally, the use of metrics and results in describing past 

accomplishments acts as a lens through which evaluators can understand the impact of the candidate's 

contributions, indicating not just what they did, but how effectively they performed. In this sense, a holistic resume 

analysis tends to measure potential rather than just past performance, making room for the evaluation of 

aspirational qualities and motivations. For instance, candidates who embrace continuous learning or exhibit 

passion projects outside of their formal job descriptions may reveal an entrepreneurial mindset or a proactive 

attitude, traits that many employers highly value. 

Crafting an effective resume is a vital step in the job search process, as it acts as the first impression a 

potential employer gets of a candidate; thus, understanding key components that contribute to its effectiveness is 

essential. First and foremost, a well-structured layout plays a crucial role, as it ensures that the information is 

easily digestible and highlights the most important aspects of a candidate’s qualifications. 

 Additionally, the choice of font and size should be simple yet professional, with common choices such 

as Arial, Calibri, or Times New Roman in 10 to 12 points, facilitating quick scanning by recruiters who often sift 

through numerous resumes. The second key component revolves around the content itself, where showcasing 

relevant skills, experiences, and achievements is paramount. Job seekers must tailor their resumes for each 

position they apply for, ensuring that they highlight the skills and experiences that directly align with the job 

description. Using action verbs and quantifiable accomplishments is an effective way to emphasize impact, such 

as stating, "Increased sales by 30% within six months," instead of simply listing job duties. This specific focus 

not only demonstrates a track record of success but also enables the applicant to stand out in a pool of candidates 

who may have similar qualifications. Furthermore, including a summary statement at the top of the resume can 

provide a succinct overview of career goals and primary qualifications, capturing the attention of hiring managers 

quickly. The third significant aspect is the inclusion of relevant keywords, particularly in today’s digital age where 

many employers utilize Applicant Tracking Systems (ATS) to screen resumes before they even reach human eyes. 

Integrating industry-specific keywords and phrases related to skills, job titles, and experiences is essential for 

ensuring the resume passes through automated screenings. Job seekers can find these keywords by closely 

analyzing job postings in their field and noting the language used by the employer. Auxiliary sections such as 

certifications, education, and professional affiliations can further strengthen the resume by adding depth and 

showcasing an ongoing commitment to professional development, which demonstrates to potential employers 

that the candidate is proactive in refining their skill set. It is also important to be mindful of the length of the 

resume generally. 

When it comes to traditional resume reviews, several common pitfalls can impact the effectiveness of 

the hiring process, often leading to the exclusion of qualified candidates or the selection of individuals who may 

not be the best fit for the position. One major issue is the over-reliance on keywords and specific criteria that can 

inadvertently filter out candidates who possess the requisite skills but may articulate their experiences differently. 

This keyword-centric approach can skew results, favoring those who are adept at tailoring their resumes to match 
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job descriptions over those with genuine experience and potential. Similarly, hiring managers and recruiters often 

fall into the trap of focusing primarily on educational backgrounds or prestigious institutions, which can ignore 

aspiring candidates whose diverse life experiences and self-taught skills might provide unique insights and 

contributions to the team. In many cases, the emphasis on standardized formats can lead to the dismissal of 

creative or unconventional resumes that could bring fresh perspectives to the organization. Another common 

pitfall in traditional resume reviews is implicit bias, where unconscious stereotypes about age, gender, ethnicity, 

or even appearance can cloud judgment and lead to discrimination against capable individuals. When reviewers 

allow these biases to influence their evaluations, they may overlook qualified candidates who don't conform to 

specific molds or profiles that align with their preconceived notions of a "perfect" candidate. The rigidity of 

evaluation criteria can also foster a conformity mindset, where candidates are assessed not just on their 

qualifications but on how closely they match the existing team dynamics, disregarding the value of diversity and 

the innovation that comes from disparate viewpoints and experiences. Moreover, narrowing assessments to a 

checklist format fails to consider the complex attributes and soft skills are crucial in many roles today. Abilities 

such as emotional intelligence, adaptability, and problem-solving are often not captured well in a traditional 

resume, and thus candidates who excel in these areas might be overlooked in favor of those with more 

conventional qualifications. The time constraints often faced by recruiters lead them to skim resumes rather than 

engage in thorough reviews, which can result in overlooking key accomplishments or meaningful experiences 

that could differentiate candidates. 

 

II. Literature Review 
The authors G. Kamineni, K. A. Sai, and G. S. N. Rao Resume classification using a Support Vector 

Machine (SVM) is an advanced machine learning technique aimed at automating the process of categorizing 

resumes based on predefined job roles or skill requirements. SVM, a supervised learning algorithm, excels in 

high-dimensional spaces and is particularly effective for text classification tasks. In this context, resumes are 

transformed into feature vectors through methods such as TF-IDF or word embeddings, capturing essential 

information such as skills, experience, and education. Once the data is prepared, SVM constructs a hyperplane 

that best separates different resume categories, ensuring optimal classification accuracy. This method is 

particularly valuable in hiring processes, as it enables recruiters to efficiently sift through large volumes of 

applications, prioritizing candidates who meet specific criteria. By leveraging SVM's capabilities, organizations 

can enhance their talent acquisition strategies, reduce biases, and streamline recruitment workflows, ultimately 

leading to better hiring decisions and a more diverse workforce. 

A. Wahedna, A. Vakil, S. Shah, V. V. Kelkar, and I. Shrivastava, the motive was to Resume Screening 

for Data Stability is a specialized process designed to identify candidates who possess essential skills in data 

analysis, management, and stability assessment. This systematic approach involves scrutinizing resumes to 

evaluate a candidate's experience with data integrity, quality assurance, and statistical analysis. It helps 

organizations pinpoint professionals adept at ensuring reliable data systems, capable of handling large datasets, 

conducting data stability testing, and implementing corrective measures to address discrepancies. The screening 

process looks for expertise in data validation techniques, familiarity with data stability testing protocols, and 

proficiency in statistical tools and software. Additionally, candidates are assessed on their ability to interpret 

results and communicate findings effectively, ensuring that stakeholders can make informed decisions. By 

focusing on these critical attributes, companies can enhance their hiring process, securing individuals who can 

safeguard data stability and bolster organizational efficacy. This proactive approach ultimately contributes to a 

data-driven culture, fostering better business outcomes. 

The authors R. C. Tripathi and Chandramma [2023] published a paper "Intelligent Automated Resume 

Analysis & Recommendations" The system leverages advanced artificial intelligence techniques to streamline the 

recruitment process by automating resume evaluation and providing tailored recommendations. This innovative 

approach employs natural language processing (NLP) and machine learning algorithms to thoroughly analyze 

resumes, extracting key skills, qualifications, and experiences that align with job descriptions. By assessing 

candidate suitability, the system reduces the manual effort involved in sifting through numerous applications, 

enabling recruiters to focus on high-potential candidates. Moreover, the system offers personalized feedback for 

applicants, highlighting areas for improvement and suggesting relevant skills or certifications that could enhance 

their prospects. Its intuitive user interface allows HR professionals to easily interact with the system, ensuring 

efficient integration into existing workflows. Ultimately, this intelligent solution not only enhances the quality of 

candidate selection but also fosters a more equitable hiring process by minimizing biases typically associated with 

human evaluations, contributing to a more diverse workforce. 

M. Sharma, G. Choudhary, and S. Susan, The Elite Bag-of- Words (EBOW) approach for resume 

classification is a sophisticated method designed to enhance the recruitment process by efficiently parsing and 

analyzing candidate resumes. 
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This technique involves transforming textual resume data into a structured format that captures the 

essence of candidates’ skills, experiences, and qualifications. By creating a "bag of words" representation, the 

EBOW model disregards the order of words while retaining their frequency, thus highlighting essential keywords 

relevant to specific job descriptions. This approach not only streamlines the sorting of resumes but also enables 

advanced machine learning algorithms to identify the best matches for job openings. Enhanced with natural 

language processing (NLP) capabilities, the EBOW technique can differentiate nuances in qualifications, making 

it easier for hiring managers to spot top talent. Ultimately, adopting the Elite Bag-of-Words approach can 

significantly reduce time-to- hire, improve candidate selection accuracy, and lead to more efficient talent 

acquisition within organizations. 

The paper by S. Bharadwaj, R. Varun, P. S. Aditya, M. Nikhil, and G. C. Babu, Resume screening is a 

vital process in recruitment, leveraging Natural Language Processing (NLP) and Long Short-Term Memory 

(LSTM) networks to streamline talent acquisition. By utilizing NLP techniques, organizations can efficiently 

parse and analyze resumes, extracting key information such as skills, work experience, and educational 

background. LSTM, a type of recurrent neural network, is particularly adept at understanding context and 

semantic relationships within textual data, enabling it to evaluate resumes on both surface-level keywords and 

deeper insights. Combining these technologies allows for the automatic ranking of candidates based on their 

qualifications relative to job descriptions. This reduces human bias and enhances the speed of filtering candidates, 

ensuring that hiring teams focus on the most suitable applicants. Furthermore, the integration of NLP and LSTM 

can lead to improvements in predictive analytics, identifying candidates who may excel in specific roles based on 

historical hiring data. Ultimately, this innovative approach revolutionizes the recruitment landscape, making it 

more efficient and effective. 

The paper by S. Kul and A. Sayar, Entity Name Recognition (ENR) in job postings and resumes is a 

specialized application of Natural Language Processing (NLP) that focuses on identifying and categorizing key 

entities within employment- related documents. This technology extracts vital information such as job titles, 

company names, skills, qualifications, and locations, providing valuable insights for both employers and job 

seekers. By automating the parsing of resumes and job ads, ENR streamlines the recruitment process, enabling 

companies to efficiently match candidates with suitable positions. It enhances the ability to analyze trends in the 

job market, helping organizations refine their hiring strategies. For job seekers, ENR technology can improve 

visibility and format optimization, ensuring their qualifications are easily recognized by Applicant Tracking 

Systems (ATS). Ultimately, ENR promotes a more effective and data-driven approach to hiring, fostering better 

alignment between candidate skills and organizational needs, while also facilitating a more personalized job 

search experience. 

The paper by X. Zhang et al. explores the development of a Resume Recommendation System for 

employment platforms utilizing a Decision Tree Algorithm. As job markets become increasingly competitive, 

both job seekers and employers seek efficient methods to match qualifications with job requirements. The 

Decision Tree Algorithm offers a structured approach to analyzing candidate data and job descriptions through a 

series of decision points, thereby providing personalized resume recommendations. The study involves collecting 

a diverse dataset of resumes and job postings to train the model. By identifying key attributes such as experience, 

skills, and education, the system can categorize and rank candidates based on their suitability for specific 

positions. The research highlights the advantages of decision trees, including interpretability and ease of use, 

making the recommendations transparent to users. Ultimately, the proposed system aims to enhance the job 

application process, reduce hiring time, and improve the overall satisfaction of both job seekers and employers 

 The paper by D. Pawade, T. Joshi, and S. Parkhe, The Survey on Resume and Job Profile Matching 

System aims to assess the effectiveness and efficiency of automated tools designed tomatch candidates' resumes 

with job descriptions. This survey collects insights from both job seekers and employers, exploring the challenges 

and successes encountered during the hiring process. Participants are invited to share their experiences with 

existing matching systems, focusing on criteria such as accuracy, user- friendliness, and overall satisfaction. The 

feedback gathered will help identify gaps in current matching technologies and highlight areas for improvement. 

By understanding the needs and expectations of both parties, this survey seeks to contribute to the development 

of more refined algorithms and platforms that enhance the recruitment process. Ultimately, the findings aim to 

foster better job placements, reduce hiring time, and improve candidate-employer alignment, ensuring that 

talented individuals find suitable roles while organizations secure the best-fit candidates to drive their success. 

The paper by B. Surendiran, T. Paturu, H. V. Chirumamilla and M. N. R. Reddy, Resume classification using 

machine learning (ML) techniques is an innovative approach that automates the process of sorting and evaluating 

job applications. By leveraging algorithms such as natural language processing (NLP) and supervised learning, 

this system analyzes resumes to identify key skills, qualifications, and experiences relevant to specific job roles. 

The process begins with data preprocessing, where resumes are cleaned and transformed into structured formats 

for analysis. Feature extraction then converts textual information into numerical representations, allowing ML 

models to discern patterns and make predictions. Models like Support Vector Machines (SVM), Random Forests, 
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or deep learning architectures can be trained on labeled datasets, where resumes are categorized based on 

predefined criteria. This not only savestime for recruiters but also enhances the accuracy of candidate selection. 

With continuous feedback and iterative learning, the system improves its classification capabilities, ultimately 

facilitating a more efficient and objective hiring process. By minimizing human bias and optimizing recruitment 

efforts, resume classification is revolutionizing the hiring landscape. 

 

III. Proposed System 
The primary goal is to gather a comprehensive and varied dataset to support the development of AI 

Integrated Holistic Resume. This involves collecting diverse data types to train models for natural language 

processing (NLP), and interactive learning. Data Collection Methods: 

A. Text Data: Collect educational content, conversation transcripts, and role-playing scenarios. This includes 

dialogues, question-and-answer pairs, and instructional text, which provide the foundation for NLP tasks. 

B. Speech Data: Gather audio recordings that cover a range of speech patterns, accents, and dialects. The data 

should include conversational speech, instructional dialogues, and interactive discussions to train models on 

understanding and processing spoken language. 

C. Visual Data: Obtain video recordings of presentations, role- plays, and group discussions. This data captures 

body language, facial expressions, and other visual cues that are essential for analyzing non-verbal 

communication. 

D. User Interaction Data: Collect data from user interactions, quizzes, and feedback sessions. This includes 

responses, engagement metrics, and performance data to tailor the learning experience based on user behavior 

and performance. 

E. Text Data Preprocessing: Clean the text by removing irrelevant content, correcting typos, and normalizing it 

(e.g., converting to lowercase, removing punctuation). Tokenization will break the text into words or phrases 

for analysis, and annotation will label the data for tasks like sentiment analysis . 

F. Speech Data Preprocessing: Apply noise reduction techniques to minimize background noise and enhance 

clarity. Segment audio into manageable parts, such as sentences or phrases, and transcribe speech to text for 

further processing. 

G. Visual Data Preprocessing: Extract frames from video recordings to analyze body language and facial 

expressions. Normalize video and image quality for consistency, and annotate visual features such as gestures 

and expressions. 

H. User Interaction Data Preprocessing: Ensure data privacy through anonymization and standardize formats and 

metrics for consistent analysis 

I. Dataset Splitting: Divide the data into training, validation, and testing sets. Typically, 70-80% of the data is 

used for training, 10-15% for validation, and 10-15% for testing to ensure models are robust and generalize 

well. 

J. Model Training: Train NLP models for tasks such as intent recognition, sentiment analysis, and dialogue 

generation. Train speech models to accurately transcribe and understand spoken language, and train visual 

models to interpret non-verbal communication cues. 

K. Model Evaluation: Assess the models using performance metrics such as accuracy, precision, recall, and F1 

score. Apply cross-validation techniques to evaluate model robustness and ensure reliability. 

L. Iterative Improvement: Fine-tune model parameters based on evaluation results and experiment with different 

hyperparameters to improve performance. Scikit-Learn Essential for traditional machine learning tasks and 

model evaluation with metrics like accuracy and precision. K-Fold Cross-Validation Ensures comprehensive 

model assessment by training and testing across multiple data folds. Hyperparameter Optimization Techniques 

like Grid and Random Search fine- tune model performance. Ensembling Methods like Bagging and Boosting 

improve accuracy by combining multiple models. 

M. System Architecture: Develop an intuitive frontend interface for user interactions, including text, speech, and 

video components. Implement backend logic to handle AI model interactions, data processing, and user 

management. 

N. Integration: Embed NLP models for conversational AI, including chatbots and language understanding 

features. Integrate speech-to-text functionality for voice interactions and incorporate visual analysis 

capabilities for interpreting non- verbal cues. 

O. Deployment: Use cloud platforms like AWS or Azure for scalable deployment and connect AI models to the 

web application through APIs for real-time processing. 

P. Testing: Conduct user testing to gather feedback and refine features. Perform performance testing to ensure 

the application handles various loads and conditions effectively. 

Q. Maintenance: Regularly update models and application features based on user feedback and technological 

advancements. 
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System Architecture 

 

Provide ongoing technical support and troubleshooting. Tools &Techniques: Employ web development 

frameworks such as React or Angular to build dynamic user interfaces, deploy on scalable cloud platforms like 

AWS or Azure for flexibility and performance, develop robust APIs for real-time interaction and integration, and 

implement CI/CD tools to automate continuous integration and deployment processes for streamlined 

development. 

 

IV. Conclusion 
In conclusion, a holistic resume analysis serves as a critical tool for job seekers aiming to enhance their 

employability and present a compelling narrative to potential employers. By evaluating not only the technical 

aspects of a resume—such as formatting, grammar, and relevant experiences—but also the alignment of the 

candidate’s personal brand and career objectives with the targeted role, a comprehensive assessment can reveal 

areas for improvement that may go unnoticed in traditional reviews. This multifaceted approach enables 

candidates to present a cohesive story that effectively communicates their values, skills, and aspirations, setting 

them apart in a competitive job market. Moreover, by considering the emotional and psychological elements of 

the resume, such as the choice of language and the framing of achievements, professionals can craft a document 

that resonates with hiring managers on a deeper level. Incorporating insights about industry trends and employer 

expectations further elevates the effectiveness of the resume, ensuring it speaks directly to the needs of the hiring 

organization. As the job market evolves, leveraging technology through tools like AI and data analytics can also 

enhance this process, allowing for personalized feedback and real-time adjustments. Ultimately, a holistic resume 

analysis not only transforms a simple job application into a powerful marketing tool but also empowers candidates 

by building confidence in their qualifications and career narrative. By embracing this comprehensive method, 

individuals can navigate the complexities of job searching with clarity and intention, significantly increasing their 

chances of securing the opportunities they seek and paving the way for long-term career success. 

  

References 
[1] A. Wahedna, A. Vakil, S. Shah, V. V. Kelkar And I. Shrivastava, "Resume Screening–Testing For Data Stability," 2023 International 

Conference On Innovative Computing, Intelligent Communication And Smart Electrical Systems (Icses), Chennai, India, 2023, Pp. 
1-8, Doi: 10.1109/Icses60034.2023.10465529. 

[2] A. Mankawade, V. Pungliya, R. Bhonsle, S. Pate, A. Purohit And A. Raut, "Resume Analysis And Job Recommendation," 2023 Ieee 

8th International Conference For Convergence In Technology (I2ct), Lonavla, India, 2023, Pp. 1-5,  
Doi: 10.1109/I2ct57861.2023.10126171. 

[3] B. Surendiran, T. Paturu, H. V. Chirumamilla And M. N. R. Reddy, "Resume Classification Using Ml Techniques," 2023 International 

Conference On Signal Processing, Computation, Electronics, Power And Telecommunication (Iconscept), Karaikal, India, 2023, Pp. 
1-5, Doi: 10.1109/Iconscept57958.2023.10169907. 

[4] D. Parade, T. Joshi And S. Parkhe, "Survey On Resume And Job Profile Matching System," 2023 6th International Conference On 

Advances In Science And Technology (Icast), Mumbai, India, 2023, Pp. 229-233, Doi: 10.1109/Icast59062.2023.10454929. 

[5] G. Kamineni, K. A. Sai And G. S. N. Rao, "Resume Classification Using Support Vector Machine," 2023 3rd International Conference 

On Pervasive Computing And Social Networking (Icpcsn), Salem, India, 2023, Pp. 91-96, Doi: 10.1109/Icpcsn58827.2023.00021. 

[6] M. Sharma, G. Choudhary And S. Susan, "Resume Classification Using Elite Bag-Of-Words Approach," 2023 5th International 
Conference On Smart Systems And Inventive Technology (Icssit), Tirunelveli, India, 2023, Pp. 1409-1413,  

Doi: 10.1109/Icssit55814.2023.10061036. 

[7] R. C. Tripathi And Chandramma, "An Approach Of Intelligent Automated Resume Analysis & Recommendations," 2022 Fourth 
International Conference On Emerging Research In Electronics, Computer Science And Technology (Icerect), Mandya, India, 2022, 

Pp. 1-5, Doi: 10.1109/Icerect56837.2022.10059603. 

[8] S. Bharadwaj, R. Varun, P. S. Aditya, M. Nikhil, And G. C. Babu, "Resume Screening Using Nlp And Lstm," 2022 International 
Conference On Inventive Computation Technologies (Icict), Nepal, 2022, Pp. 238-241, Doi: 10.1109/Icict54344.2022.9850889. 

[9] S. Kul And A. Sayar, "Entity Name Recognition In Job Postings And Resumes," 2021 3rd International Congress On Human-

Computer Interaction, Optimization And Robotic Applications (Hora), Ankara, Turkey, 2021, Pp. 1-6,  
Doi: 10.1109/Hora52670.2021.9461326. 

[10] X. Zhang Et Al., "Research On Resume Recommendation Of Employment Platform Based On Decision Tree Algorithm," 2023 Ieee 

6th International Conference On Big Data And Artificial Intelligence (Bdai), Jiaxing, China, 2023, Pp. 7-11,  
Doi: 10.1109/Bdai59165.2023.10256798. 


